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INTRODUCTION

• Modern revolution in the industry has 
brought some complex technologies into 
the market. Thus there is a need for a 
sophisticated and robust maintenance 
system to avoid unplanned breakdown.

• This study proposes a new approach for 
predictive maintenance and verifies the 
same; this approach can used to design 
cost-efficient and off-the-shelf solution to 
prevent unplanned breakdowns.

RESEARCH OBJECTIVE

• To design a predictive maintenance 
solution that can be used off the shelf for a 
wide range of assets (Machines)

• A hybrid approach to use the system as a 
condition-based monitor at the initial stage 
and using batch learning to improve the 
signature library and predict upcoming 
faults. Moreover, increase the accuracy 
and list of faults prognosed over the 
period. A hybrid approach will reduce both 
time and cost in implementing the 
solution.

TECHNOLOGIES USED

METHODOLOGY

• Creating an efficient data storage ecosystem 
to handle large datasets.

• Using statistical modeling to monitor 
condition of the asset.

• Once the fault has been identified clustering 
the dataset in two groups. First group of 
data when the asset is not faulty, and 
second of the data when asset is faulty. 

• Use Deep Learning to predict the fault 
before it occurs.

• Automate fault detection and learning cycle 
to learn new faults and improve fault 
signature library.

NEXT STEPS

• Completing Literature review to find the 
most suitable approach for monitoring 
and predicting faults in an asset. 

• Setting up NVDIA CUDA environment for 
Rapids and TensorFlow.

• Creating an cloud Database to store data.

• Develop an engine to predict faults of an 
asset and add new faults to the signature 
library. 
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