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INTRODUCTION

Sepsis, a life-threatening condition triggered by the body's extreme response to an infection, presents a
complex challenge in critical care medicine. The treatment of sepsis often demands rapid and adaptive
decision-making to optimize patient outcomes. In recent years, there has been a growing interest in
leveraging advanced computational techniques, particularly reinforcement learning (RL), to enhance clinical
decision support systems for managing sepsis effectively.

METHODOLOGY RESEARCH QUESTIONS

e How could RL models, especially deep Q-networks,
help make treatment plans for sepsis better?

e How can reinforcement learning (RL) systems be
used to improve patient results in healthcare
decision-making?

e How can reinforcement learning (RL) methods help
doctors make better decisions about how to treat
sepsis?

e Data Collection and Preprocessing

e Reinforcement Learning Model Selection
e Feature Engineering

e Model Training and Evaluation

e Validation and Simulation

e Ethical Considerations

e Integration and Deployment

LITERATURE REVIEW

 The objective of this study was to evaluate the current state of reinforcement learning (RL) in the context of
decisionmaking in sepsis treatment in the medical industry.

 Numerous studies have shown that RL may have an impact on the decisions that an individual makes about
their health care.

e RL algorithms improve sepsis treatment regimens. Sepsis is quite hazardous.

e Studies have employed various RL algorithms such as Q-learning, deep Q-networks (DQN), and actor-critic
models to develop predictive and adaptive treatment strategies for sepsis patients. These algorithms
leverage patient data including vital signs, laboratory results, and treatment histories to learn optimal
actions in different clinical contexts

e STE TECHNOLOGY
e How well the model changes to new healthcare

: : , i
src.uatlons, learns fr?m patient fegdback, qnd Il!l pandCIS
thinks about new ethical problems will determine L

its long-term success and acceptance by the

medical community.
e The programme works with key players to do e
ongoing study, development, and get ready for .

healthcare choices that are centred on patients
and based on data.

REFERENCES

1 Loftus, T.J,, Filiberto, A.C,, Li, Y., Balch, J., Cook, A.C, Tighe, P.J., Efron, P.A., Upchurch Jr, G.R., Rashidi, P., Li, X. and
Bihorac, A., 2020. Decision analysis and reinforcement learning in surgical decision-making. Surgery, 168(2), pp.253-
266.https://www.sciencedirect.com/science/article/pii/S0039606020302610

2 Liv, S, See, K.C, Ngiam, K.Y., Celi, L.A.,, Sun, X. and Feng, M., 2020. Reinforcement learning for clinical decision
support in critical care: comprehensive review. Journal of medical Internet research, 22(7), p.e18477.
https://www.jmir.org/2020/7/e18477/

3 Yu, C, Liu, J., Nemati, S. and Yin, G.,2021.Reinforcement learning in healthcare: A survey. ACM Computing Surveys
(CSUR), 55(1), pp.1-36. https://dl.acm.org/doi/abs/10.1145/3477600



